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Typical Defect Identification Method of Transformer Based on Robust L.ocal Mean
Decomposition and Voiceprint Features
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Abstract: For achieving reliable identification of operating status of power transformer in the on-site operating envi-
ronment, a typical defect identification method of transformer based on robust local mean decomposition (RLMD )
and voiceprint features is proposed. Firstly, the RLMD method is used to achieve noise reduction processing of the
original collected voiceprint signal, and the sub-band components with strong correlation with the original voiceprint
signal are retained with the Pearson correlation coefficient. Then, the voiceprint feature values of each sub-band com-
ponent are extracted to form the feature parameter matrix of the transformer in different status. Finally,the random for-
est algorithm is used for status identification. A simulation system containing three typical faults of power transformer
is set up, and the test results show that the proposed method realizes reliable characterization of power transformer in
different working status,and the identification accuracy is improved by about 7% compared with conventional methods.
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Fig. 4 Schematic diagram of robust local mean signal decomposition
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Table 1 Pearson correlation coefficient between original

signal and each subband
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Fig.5 Two-dimensional visualization effect of the feature
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